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Abstract

Ensuring a stable supply of critical minerals at reasonable prices is essential for the clean energy transition.
The security of supply of critical minerals is particularly susceptible to geopolitical risk. In this paper, we
use constant and time-varying parameter local projection (TVP-LP) regression models to examine the effect
of geopolitical risk on prices of six critical minerals: aluminium, copper, nickel, platinum, tin and zinc. We
propose a conceptual framework in which we make two predictions. The first is that the responsiveness of
prices for critical minerals to geopolitical risk will depend on the non-technical risk associated with
procuring each critical mineral, which will be reflected in the elasticity of supply. The second is that
geopolitical threats will have a bigger effect on critical mineral prices than geopolitical acts. With the
exception of platinum prices, which have suffered a downward structural demand side shock associated
with the growth of the electric vehicle market, we find empirical support for the first prediction. Our results
are also consistent with the second prediction. We find considerable evidence that the effect of geopolitical
risk on the prices of critical minerals are time varying with time-varying effects of geopolitical shocks
observed during the Gulf War, following the 9/11 terrorist attacks and during the COVID-19 pandemic
with the time varying effects generally being stronger for geopolitical threats than geopolitical acts.
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1. Introduction

While there is no universal definition of a critical mineral, most metals and minerals that are generally
regarded as critical fall into one of three categories: (a) minerals needed to facilitate the clean energy
transition to carbon net zero by 2050; (b) minerals used in defence and security applications; and (c)
minerals employed in communication and entertainment technologies (see e.g. McNulty & Jowitt, 2021;
Ramdoo et al, 2023).

The literature on energy security has traditionally focused on fossil fuels, but growing recognition
that critical minerals are essential to developing renewable energy sources needed to realize clean energy
transition targets, along with the importance of critical minerals to strategic defence objectives, has
highlighted the importance of critical minerals for global energy security (Hotchkiss et al, 2024). As Gaspar
Filho and Santos (2022, p. 16) succinctly put it: "Ensuring a stable supply of critical non-fuel minerals at
an affordable price is essential for the current energy transition to take place".

The United States under the Biden administration has been reluctant to mine for critical minerals
(Ali, 2023), making it increasingly dependent on imports for critical minerals (Majkut et al 2023). This has
made the United States especially vulnerable to supply chain risks, which are exacerbated by geopolitical
tensions with China that plays a key role in the supply chain of many critical minerals (Purdy & Castillo.
2022). Geopolitical risk (GPR) is defined "as the risk associated with wars, terrorist acts, and tensions
between states that affect the normal and peaceful course of international relations” (Caldara & lacoviello,
2022). Given geopolitical rivalry to secure critical minerals (Khurshid et al 2023; Vivoda, 2023; Vivoda &
Mathews 2023) and the potential for violent conflict, supply chains are particularly susceptible to GPR
(Dou & Xu, 2023; Renneboog, 2022). For instance, the Russia-Ukraine war is a source of GPR to critical
mineral markets because Russia is a major producer of cobalt and nickel (Khurshid et al., 2023, 2024; Pata
et al., 2024). The spike in lithium and nickel prices attributable to the disruption in supply chains due to the
COVID-19 pandemic and the Russia-Ukraine war resulted in acute supply shortages in the European
electric vehicle market (Considine et al, 2023).

Beyond the immediate threat of shortages due to supply chain risk, the fact that global production
of critical minerals is concentrated in a few countries contributes to GPR (Nygaard 2023; Berahab, 2022;
IRENA 2023). Many of the countries in which critical mineral production is centred in Africa and South
America have experienced civil conflict and exhibit high levels of non-technical risk, such as threat of
nationalization and red tape (Trench et al., 2014). Non-technical risks exacerbate the back-ended risk
premium for critical minerals (Vespignani & Smyth 2024), contributing to suboptimal levels of investment
in critical minerals, creating excess demand that drives up prices.

In this paper, we use constant and time-varying parameter local projection (TVP-LP) regression
models (Inoue et al, 2024) to examine the effect of geopolitical risk on prices of six critical minerals:
aluminium, copper, nickel, platinum, tin and zinc. The choice of critical minerals was dependent on data

availability. We included all critical minerals for which there was a long monthly time series of prices. Each
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of these minerals have renewable energy applications that are important for realizing carbon net zero
targets. Aluminium, copper and nickel are key inputs into several low-carbon technologies (Pata et al,
2024). Aluminium, copper and zinc are important for the production of solar and wind energy. Nickel is
important in the production of solar energy, as well as being used in energy storage and in the production
of electric vehicles. Platinum is an essential input into green hydrogen technologies, which have various
uses, including fuel cell vehicles. Tin is utilized in the production of solar panels and as a protective barrier
to increase the life of batteries, assisting with energy storage (IRENA, 2023; Pata et al, 2024).

Our contribution connects with several strands of literature. One set of studies to which our paper
is related are those on various aspects of prices for critical minerals. Studies have examined
interconnectedness between prices of critical minerals (Bastianin et al, 2023) and spillover effects between
demand for fossil fuel and renewable energy products and prices for critical minerals (Attilo et al, 2024;
Zhang et al, 2024). Related studies have forecast the price of critical minerals (Choi & Kim, 2024;
Esangbedo et al, 2024; Li et al, 2023) or considered the implications of a shock to critical mineral prices
on outcomes such as global oil prices and inflation (Considine et al 2023; Miranda-Pinto et al 2023) and
green investments (Sohag et al 2023). Yet other studies have examined the effect of government policies
on prices for critical minerals (Dou et al, 2024; Romani & Casoli, 2024).

Our study also contributes to the literature that has examined the implications of GPR for a range
of energy and environment-related outcomes. One strand of this literature has examined the effects of GPR
on carbon emissions (Anser et al, 2021; Chen et al, 2024; Ding et al., 2023; Pata et al, 2023). Another strand
of the literature has considered the effects of GPR on prices for natural resources and energy commodities
(Aloui et al, 2023; Bouoiyour et al., 2019; Ding 2023a; Evrim Mandaci et al, 2023; Gkillas et al, 2022;
Gong & Xu, 2022; Khurshid et al., 2024; Liu et al, 2019; Mignon & Saadaoui, 2024; Zhao, 2023). A related
set of studies examine the effect of GPR on oil stock returns (Algahtani et al 2020; Antonakis et al, 2017
Kumar et al, 2021; Smales et al, 2021), oil price futures (Mei et al, 2020; Zheng et al, 2023) and critical
mineral and renewable energy stock returns (Yang et al, 2021; Zhou et al, 2020). Other studies have
examined the implications of GPR for a range of other energy-related outcomes, such as energy security
risk (Ullah et al, 2024); renewable energy generation, deployment, consumption and use (Alsagr & van
Hemmen, 2021; Cai & Wu, 2021; Islam et al 2023; Sweidan, 2021); and trade in critical minerals and
energy-related products (Li et al, 2021; Zhang et al, 2024a).

The extant literature on the effect of GPR on different aspects of prices for critical minerals is mostly
recent and relatively scant (Aloui et al, 2023; Khurshid et al, 2023; Pata et al, 2024; Wang et al, 2023;
Zhang et al, 2024b; Zhao, 2023). Compared with these studies, our approach and our results analyse in a
more systematic way the instability of impulse response functions (IRF) on a large array of critical minerals.
Wang et al (2023) and Zhang et al (2024b) examine how GPR affect prices for a single critical mineral and
the focus in Wang et al (2023) is on price bubbles which is different to us. Our approach has methodological

advantages compared with Aloui et al (2023) because we do not rely on a sub-sample that results in loss of
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power; and Zhang et al (2024b) because we do not rely on time-varying algorithms, given that the literature
is unclear about which algorithms are most appropriate in rolling regressions. Compared to Khurshid et al
(2023) and Pata et al (2024) whose focus is on the effect of the Russia-Ukraine War on critical minerals
prices, we examine a broader set of geopolitical events and analyse more systematically the differences in
IRFs. Perhaps closest to what we do in terms of coverage is Zhao (2023), but very importantly,
methodologically, we differ from that study in that we test for statistical differences between IRFs, which
Zhao (2023) does not do.

Another point of difference with each of these studies is that, in our conceptual set up, we extend
on Vespignani and Smyth’s (2024) recent work to consider how non-technical risk affects the extent to
which GPR shocks lead to changes in prices of critical minerals. Non-technical risks in mining refer to the
various challenges and uncertainties that arise outside of the technical and operational aspects of a mining
project. These risks typically involve social, environmental, political, and economic factors that can impact
the viability, success, and sustainability of mining operations. The main categories of non-technical risks
in mining are political and regulatory risk, social risk and environmental risk (Trench et al, 2014).
Vespignani and Smyth (2024) show that 16 critical minerals, representing 90 per cent of the total market
value of the 50 critical minerals listed by the United States Department of Energy, had higher non-technical
risks than a benchmark non-critical mineral composite, consisting of coal, gold and iron ore. We examine
the extent to which differences in non-technical risk, which will be reflected in the elasticity of the supply
curve for each critical mineral, magnifies the effect of shocks to GPR on prices.

We are the first to examine the extent to which the effect of GPR on critical mineral prices is time
varying with different effects across time horizons using the TVP-LP framework proposed by Inoue et al
(2024). This framework is particularly well suited to examining GPR, in which the environment is likely
to be unstable. In doing so, we build on a small number of previous studies that have used this framework
to examine the macroeconomic effects of fiscal policy shocks (Inoue et al, 2024) and the effect of GPR on

monetary policy (Ginn & Saadaoui, 2024) and oil prices (Mignon & Saadaoui, 2024).

2. Conceptual framework

Geopolitical tensions have caused significant disruptions in the supply of critical minerals due to increased
investment uncertainty, export restrictions and supply chain fragmentation. These factors lead to price
volatility and supply shortages (Wang et al., 2021; Liu et al., 2022). In Figure 1, the impact of GPR shocks
on critical minerals is depicted. Starting at equilibrium E1, where the price is P1 and the output is Y3, an
increase in GPR results in a supply shortage. Consequently, supply shifts from Si1 to S;. At this new
equilibrium E2, the quantity produced declines from Y to Y2 and prices increase from Pz to P-.

In Figure 2, we show the differential response of critical mineral prices to supply shocks (GPRs).

For simplicity, we show in panel (a) critical minerals with high non-technical risks (or inelastic supply)
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compared to panel (b) low non-technical risk (or elastic supply). This figure shows that the same change in
production of critical minerals leads to notably different prices. Prices are more responsive to GPR when
non-technical risks are high (panel a) than when they are low (panel b).

Next, we provide estimates of the non-technical risk for aluminium, copper, nickel, platinum, tin
and zinc - the six critical minerals that we consider in this study. Vespignani and Smyth (2024) proposed a
methodology to estimate non-technical risks and non-technical risk premiums.

Formally,

Non — technical risk = Y} W * S¢ (1)

W, IS the proven reserves of critical mineral m in country c as a percentage of the world's proven reserves
of minerals and S is the investment attractiveness index score for country ¢ from the Annual Survey of
Mining Companies conducted by the Fraser Institute (2022).

We use the non-technical risk scores to calculate the non-technical risk premium, which is the
critical mineral non-technical risk expressed as a percentage of the non-technical risk of the non-critical
front-ended mineral benchmark. Consistent with VVespignani and Smyth (2024), we use the average non-

technical risk of coal, gold and iron ore to represent the non-critical front-ended mineral benchmark.

Formally,

. . . 1Al ~1AI
Non — technical risk premiun = % (2)
NC

Where Al is the investment attractiveness index and NC and C denote non-critical minerals and critical
minerals, respectively.

In Figure 3a, we report non-technical risks for the six critical minerals, coal, gold and iron ore.
Lower values represent a lower investment attractiveness index, and higher non-technical risk, for the
relevant mineral. The non-technical of each of the six critical minerals was higher than coal, gold or iron
ore in 2023. In Figure 3b we present the non-technical risk premiums of our six critical minerals. The non-
technical risk premium reflects the additional risk in the project development of each critical mineral
compared to the benchmark of iron ore, gold, and coal. According to Figure 3b, platinum (33.8%), copper
(28.0%), and nickel (24.3%) exhibit the highest non-technical risk premiums among critical minerals. This
is followed by tin (22.2%), aluminium (20.0%), and zinc (12.8%).*

In appendix A, we undertake the same exercise, but using the separate components of the investment
attractiveness index (best practices and policy perception) shows that policy perception is the key driver of
non-technical risk in the selected critical minerals. Figure 4 shows risk premiums for those minerals,

distinguishing between best practices and policy perception premiums. For most minerals, policy

!An important caveat is that platinum can be substituted by several other metals depending on the application, though these
alternatives often come with trade-offs. In catalytic converters, palladium is the most common substitute, particularly for gasoline
engines, while rhodium is sometimes used for reducing nitrogen oxides. In electronics, nickel and silver can replace platinum in
connectors and capacitors, but they are less corrosion resistant. In chemical catalysis and fuel cells, palladium and nickel are
sometimes used as cheaper alternatives, though they are generally less efficient than platinum.
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perception premiums are higher, indicating greater perceived investment risk compared to productivity-
based risks. Notably, platinum has the highest policy perception premium (34.0%), while nickel and copper
also have significant disparities between the two measures. Tin's difference is smaller, and zinc is the only
mineral where the best practices premium (18.4%) exceeds the policy perception premium (17.5%),
suggesting slightly higher productivity-driven risk than perceived investment risk.

Caldara and lacoviello (2022) find that geopolitical acts (i.e. the realization of a geopolitical threat)
have smaller effects than the threat itself on prices for several economic and financial variables using a
VAR analysis. Wang et al. (2024) find that geopolitical threats hinder the clean energy transition, defined
as the share of renewable energy consumption in total energy consumption, more than geopolitical acts
using panel cointegration techniques and dynamic panel estimates with threshold effect tests. In a related
study, Sohag et al. (2024) show that the heightened uncertainty associated with geopolitical threats, but not
geopolitical acts, increases the cost of investing in green technologies.

The theoretical explanation for these results centre on the manner in which firms form expectations
when faced with differing levels of uncertainty (llut & Schneider, 2014). The models in Bloom et al. (2007)
and Dixon and Pindyck (1994) illustrate the basic point that firms prefer less complexity, and associated
uncertainty, when making investment decisions. Uncertainty surrounding geopolitical threats is much more
complex for firms to deal with than geopolitical acts. Indeed, there is a reduction in uncertainty when the
conflict starts, as the firm can make cost-advantage calculations on a more solid basis than faced with a
scenario in which the firm does not whether the conflict will start or not. Zhang and Chen (2021) suggest
that prolonged threats lead to more extensive disruptions because market participants factor in long term
risks and avoid commitments in uncertain environments, exacerbating supply chain vulnerabilities.

In Figure 5(a) and 5(b), we distinguish between responses to geopolitical threats and acts,
respectively. In panel (a), a geopolitical threat leads to a large disruption in the supply chains of critical
minerals, causing a reduction in supply from S1 to S, and shifting to a new equilibrium from E;z to E». In
panel (b), a geopolitical act leads to smaller disruptions in the supply chains of critical minerals, resulting
in a reduction in supply from S; to Sz and a shift in equilibrium from E; to E>. Panel (a) demonstrates that
threats cause larger shifts in the supply compared to panel (b), resulting in moderate supply shocks reflected
in smaller increases in prices for acts and larger price increases for threats.

Drawing this together, suggests two hypotheses that we test in the empirical section. First, Figure 2
suggests that critical mineral prices are more responsive to GPR when non-technical risks are high than
when they are low. This leads us to hypothesise that in response to a shock in GPR prices for platinum will
be most responsive, followed by prices for copper, nickel, tin, aluminium and zinc. Second, Figure 5

suggests that prices will be more responsive to geopolitical threats than geopolitical acts.



3.Data and methodology
3.1 Data

We utilize monthly prices from January 1985 to January 2024 for aluminium, copper, nickel, platinum, tin
and zinc. The prices for these six critical minerals were obtained from the World Bank's "pink sheet" and
we used data for all critical minerals available from this source. The data on economic activity is sourced
from Baumeister et al (2022), while information on GPR, geopolitical actions, and threats is sourced from
Caldara and lacoviello (2022). Global inflation data is obtained from the Federal Reserve Bank of Dallas,
Database of Global Economic Indicators, which is based on Garcia-Martinez et al (2015).

Figure 6(a) shows the time series of GPR, geopolitical acts, and geopolitical threats from 1985 to
2024. The vertical axis represents the intensity or index values, while the horizontal axis represents time in
monthly intervals. Geopolitical threats (light blue line) are characterized by sharp spikes, notably around
the late 1990s and early 2000s, as well as during the early 2020s. The peak in the early 2000s is the highest
observed, indicating a period of intense geopolitical tensions. Geopolitical acts (black line) generally
exhibit a similar pattern to geopolitical threats, with high peaks during the same periods, although they are
slightly lower in magnitude. This correspondence suggests that significant geopolitical actions, such as
sanctions or conflicts, coincided with periods of increased threats.

Figure 6(b) presents a time series comparison of global economic conditions in red and global
inflation, (in light blue) from 1985 to 2024. The vertical axis measures changes, ranging from -4 to +2,
while the horizontal axis represents time in monthly intervals. Global economic conditions fluctuate
significantly over time, showing periods of both positive and negative growth. Notable declines are
observed during global financial crises, with sharp drops in the late 2000s (reflecting the 2008 financial
crisis) and during 2020 (corresponding to the COVID-19 pandemic). The most significant drop occurs
around 2020, indicating a severe economic downturn. Following the 2020 dip, economic conditions
recovered but remained volatile. Global inflation also exhibits fluctuations over the same period, although
with generally smaller variations compared to economic conditions. Inflation is relatively stable around the
zero mark but increases noticeably in the late 2000s and again during the early 2020s, reflecting periods of
rising inflation often linked to economic instability. The inflation rate appears to increase substantially
during the post-pandemic recovery period, coinciding with the sharp drop and subsequent recovery of
economic conditions.

Figure 6 (c) displays the critical mineral prices from 1985 to 2025. The vertical axis denotes prices,
while the horizontal axis represents time at monthly intervals. The nickel price (black line) exhibits the
most significant fluctuations, with two major spikes: one around 2007-2008, and the other from 2020 to
2024. The price reached peaks of around $50,000 per unit, reflecting high volatility and large swings during
these periods. The tin price (grey line) also experienced noticeable increases, particularly in 2010 and 2022,

where the price exceeded $30,000 per unit. Tin generally exhibits more stability compared to nickel, but



still had significant spikes. The copper price (light blue line) has experienced steady growth with moderate
fluctuations, peaking at around $10,000 per unit, particularly during the 2005-2008 and 2020-2025 periods.
The zinc price (cyan line) exhibits moderate variability with noticeable peaks around 2006-2007 and 2022,
where prices also approached the $10,000 mark. The aluminium price (red line) and platinum price (purple
line) have been relatively stable compared to the other metals, with smaller fluctuations. Aluminium prices
peaked around 2007-2008 but remained much lower in magnitude compared to nickel and tin.

3.2 Methodology

We use the TV-LP approach, pioneered by Inoue et al. (2024), to examine the effects of GPR shocks on
critical mineral prices. Methodologically, the LP approach (Jorda, 2005) has several advantages, including
estimation by single equation OLS at each horizon, a simple inference for impulse response coefficients,
the effects being local to each horizon (i.e., no cross-period restrictions) and that the estimation of very
nonlinear and flexible models is straightforward in this setup. In addition, Olea Montiel et al. (2024, p.2)
recently provide “a formal proof of Jorda’s claim that conventional LP confidence intervals for impulse
responses are surprisingly robust to misspecification.” Regarding our research question, all features of the
TV-LP approach enable us to provide time-varying dynamic evidence on the causal impact of GPR shocks.
The TV-LP is especially relevant in the context of our research question due to the evolving geopolitical
context. In contrast to other VAR/LP-based models that allow for time variation (such as TVP-(B)VAR,
state-dependent LPs), the TV-LP approach does not require one to specify parametrically the exact form of

the instability process. We examine the effect of a one-unit identified geopolitical risks shocks? (€gpr) ON

the price of critical minerals (cms). Thus, we can formulate the TV-LP approach as follows:
12

— U —
CMStyn = Ceon + Presn€gpr, + z @ ernZt—j T Vetn h=01,.. (D
j=1

IRF(h) = .Bh,t+h

where z = (cms, gecon, ginf, €,,,r)". The parameter of interest is the time-varying impulse response
Bre+n- The explained variable, the price of the six critical minerals, are designated by cms. We use
successively the price of aluminium, copper, nickel, platinum, tin and zinc, as the explained variable. h, is
the horizon; e, is the impulse variable (SVAR-identified geopolitical risks shocks); z is a vector of control

variables; IRF, stands for the impulse response function and v, is the error term.

2 The series of GPR shocks, €gpr» are obtained for each critical mineral and the different GPR index using a SVAR(12) and the
following recursive ordering: cms, gecon, ginf, gpr; where cms is the price of different critical minerals and gpr is
alternatively the GPR index, the GPR Threat index or the GPR Act index. Overall, we have six critical minerals and three GPR
indexes. Thus, we have 18 series of different GPR shocks.
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4.Results
4.1 Impulse responses of selected critical minerals to geopolitical risks, threats and acts

In Figure 7 to 9, a general pattern clearly emerges in the (time-invariant) local projections. In the medium-
to-long run, geopolitical risk has a positive impact on the price of each critical mineral. Following a unit
shock of geopolitical risk to the aggregate GPR index in Figure 7, the impulse response functions become
significant after 24 to 36 months. The critical mineral prices that are influenced the most are copper, nickel
and zinc with a maximum response around 5 percent, which is significant at the 5 percent level. While it is
difficult to directly compare these results with previous studies because of methodological differences in
approach and slightly different research questions, the general conclusion that an increase in GPR has a
positive effect on critical mineral prices is qualitatively consistent with Aloui et al (2023) (copper and zinc
prices), Wang et al (2023) (nickel prices) and Zhao (2023) (copper, nickel and zinc prices).

These dynamics are very similar for a unit-shock of geopolitical threat in Figure 8. However, the
impulse response for prices of aluminum, copper, nickel and tin are generally more reactive to geopolitical
threats than to the aggregate GPR index. In Figure 8, the long-run effect of geopolitical threat on the nickel
price seems to be more pronounced from the 36" month to the 48" month, suggesting a time-varying pattern
in the long run. In Figure 9, the unit shocks of geopolitical acts seem to have less significant effects on
each of the critical mineral prices, which is in line with the literature. However, the price of copper, nickel

and, more strongly, zinc show a positive significant reaction to geopolitical acts in the long run.
4.2 Long term (48-month) responses of selected critical minerals to geopolitical risks, threats and acts

In Section 2, we hypothesised that critical minerals with higher non-technical risk premiums would show
a stronger price response to GPR shocks. Except for platinum, our findings are broadly consistent with this
hypothesis. Specifically, copper and nickel exhibit relatively high non-technical risks (0.11) and significant
price responses to GPR shocks (28.0%). In contrast, aluminium, tin, and zinc show moderate non-technical
risks (0.05, 0.06, and 0.07, respectively) and moderate price responses to GPR shocks (20.0%, 22.2%, and
12.8%, respectively). Note, that in terms of relative responsiveness of critical mineral prices to a GPR
shock, there are some similarities and some differences with Zhao (2023), who finds that GPR has the
biggest effect on prices for aluminium and copper, with less significant effects on prices of nickel and
platinum over the period October 1992 to October 2022. Specifically, while our results for the relative
importance of copper and platinum are similar, we differ on the ordering of aluminium and nickel. Zhao
(2023) does not frame his study in terms of the relevance of non-technical risk, but we believe that our
results are more consistent with the underlying non-technical risk for five of the six critical minerals.

The exception is platinum prices. Platinum differs from the other critical minerals that we consider
in that it has suffered a negative demand shock from the electric vehicle revolution. Catalytic convertors

used to clean exhaust fumes by the automobile sector are responsible for 40 per cent of the demand for
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platinum and 80 per cent of demand for palladium offtake, but this process is not required in pure electric
vehicles (Devitt & Shivaprasad, 2024). The increase in global sales of pure electric vehicles means, in the
case of platinum, that the shift in the supply curve to the left due to geopolitical risk in Figure 1, has been
accompanied by a downward shift in the demand curve offsetting the supply side shock.

In Section 2 we hypothesised that critical minerals prices would be more responsive to geopolitical
threats than geopolitical acts. In Figure 10, the impact of geopolitical threats seems more pronounced than
geopolitical acts, indicating that the anticipation or risk of geopolitical tension has a larger effect on these
markets than actual events. This is true to both specifications TV-LP and LP.

The aluminium prices response to geopolitical threats is 5.27%, while the response to geopolitical
acts is lower at 3.73%, indicating a significant difference and higher sensitivity to threats. Copper exhibits
the highest sensitivity overall, with a geopolitical threats' response of 11.67%, compared to a geopolitical
acts' response of 6.81%. The response of nickel prices to geopolitical threats is 9.90%, whereas the response
to geopolitical acts is 4.95%. Nickel displays a marked increase in response when faced with threats
compared to acts. Tin shows a geopolitical threats response of 6.24%, slightly higher than the geopolitical
acts response of 5.98%. Zinc responds at 9.50% to geopolitical threats, which is considerably higher
compared to a geopolitical Acts response of 5.98%. Platinum’s response to geopolitical threats is 4.21%,
while its response to geopolitical acts is only marginally smaller at 3.90%. Overall, the responses in the
first figure (TV-LP) are generally higher than those in the second figure (LP), indicating that the model
using TV-LP captures stronger responses to geopolitical risk factors across all critical minerals.

5.Robustness analysis and state dependence analysis

In Appendices B, C, and D, we present a robustness and state dependence analysis of various specifications
of our benchmark model for GPR, geopolitical acts and geopolitical threats for each of aluminium, copper,
nickel, platinum, tin and zinc. The first set of figures for each critical mineral illustrates different
specifications of the benchmark model to facilitate comparisons, consisting of the TVP-local projection,
high GPR risk response, the response following the Global Financial Crisis (GFC) and low global economic
conditions (GECON). The subsequent six figures for each critical mineral demonstrate different state
dependencies observed at different time intervals - one, six 12, 24, 36, and 48 months - respectively.

5.1 Robustness analysis

The impulse response function results in Figure 7 to 9 suggest a long-run positive effect of GPR shocks on
critical mineral prices after 24 to 36 months. The TVP local projection estimates confirm these results in
the first column of the upper panels in Appendix B. We find that these long-run effects are more important
after the Global Financial Crisis when the geopolitical context changed - for example, the rivalry between
China and the United States intensified after the Global Financial Crisis (see eg. Garrett, 2010; Lee et al,

2018) - in the second column of the upper panels of Appendix B. This is particularly evident for nickel
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prices and zinc prices with a long-run impact of 4%, 48 months after the GPR shocks. Quite remarkably,
the effect of high GPR (above the ninth decile for GPR) and the effect of deep recessions (below the first
decile for global economic conditions) is similar in the second and third columns of the upper panels in
Appendix B. However, we observe slight differences for the aluminium price and the tin price. These two
critical minerals are positively impacted by the GPR shock at longer horizons.

Does this general pattern change with geopolitical acts and geopolitical threats? The general point
that comes through Appendices C and D is that the effects of shocks to geopolitical threats (GPRT) are
stronger than GPR and that the effects of GPR are stronger than geopolitical acts (GPRA). In Appendix C,
the main difference between shocks to geopolitical acts and GPR is in the period following the Global
Financial Crisis in the second column, where the effects for geopolitical acts are more dispersed than for
GPR and have large positive effects only for tin and the platinum. In Appendix D, for geopolitical threats
the general pattern observed for GPR shock is confirmed and the effects are mostly stronger with the long-

run impact of geopolitical threats between 5 and 10%, with the notable exception of platinum prices.

5.2 Time-varying analysis
In terms of state dependence for a GPR shock in the lower panels of Appendix B, we can clearly observe
that the impulse responses are significantly unstable when the confidence interval between the two dotted
lines does not include zero. When we reject the null of a stable impulse response function, then we detect
time-varying effects. Overall, we detect time-varying effects for the aluminium price during the Gulf War,
with an elasticity of 4%, 48 months after the shock. For the copper price, we detect time-varying effects for
more than 10 years, between 1985 and 1995, with an elasticity fluctuating between 5% and 10%, 48 months
after the shock. For the nickel price, we also detect time-varying effects around the Gulf War, with an
elasticity of around 8%, 48 months after the shock. For the tin price, we find a time-varying effect around
the 9/11 attacks, with an elasticity around 10%, 36 months after the shock. Similarly, we find time-varying
effects around the Gulf War for the zinc price, with an elasticity of around 7%, 48 months after the shock.
How do the results for geopolitical acts and threats differ in the lower panel of Appendices C and
D? Overall, we detect several time-varying effects for geopolitical shocks, which differ from those for
geopolitical risk shocks. For the aluminium price, we find a time-varying effect around the start of the
COVID-19 pandemic, with an elasticity around -3%, six months after the shock. We also find a time-
varying effect around the start of the COVID-19 pandemic for the copper price, with an elasticity around
5%, six months after the shock. For the tin price, we find multiple time-varying effects at different time
horizons. During the COVID-19 pandemic, for the tin price we observe an elasticity in excess of 5%, six
months after the shock. This time-varying effect is still observable 12 months after the shock. The tin price
is positively affected by geopolitical act shocks during the months surrounding the 9/11 attacks, with an
elasticity above 10%, 36 months after the shock. For zinc prices we detect time-varying effects for around

10 years, between 1985 and 2000, with an elasticity fluctuating between 1% and 4%, 36 months after the
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shock. For geopolitical threat shocks, the pattern observed for GPR shock is confirmed and even stronger.
For the price of aluminium, we find a time-varying effect during the Gulf War and between 2015 and 2018,
with an elasticity of 5%, 48 months after the shock. Similar to aluminium price, nickel prices react more
strongly to threats. The effects of a shock to geopolitical threat on the copper price are stronger than the
effect of GPR shocks, with elasticities above 10% between 1985 and 1995, 48 months after the shock. We
detect a time-varying effect for the platinum price at the end of the 1990s. The elasticities are around 5%,
24 months after the shock. Lastly, the zinc price reacted strongly to threats during the periods surrounding
the Gulf War and the 9/11 attacks, with elasticities ranging from 5 to 10%, 48 months after the shock.

6. Conclusion

The traditional focus of the literature on energy security has been on fossil fuels. However, more recently,
given growing recognition of the essential role of critical minerals for realizing carbon net zero targets, the
importance of ensuring a stable supply of critical minerals is increasingly being acknowledged as vital to
maintaining energy security (Nature, 2023). Maintaining supply chains for critical minerals in order to
ensure energy security has brought the issue of GPR into sharp focus. The United States, in particular, is
worried about the implications of escalating GPR for supply chains of critical minerals for both the clean
energy transition and defence applications and what this might mean in terms of escalating prices. This is
particularly evident in the push for friend-shoring agreements, such as the Minerals Securities Partnership,
which is an initiative launched in June 2022 by the United States and its allies, designed to mitigate GPR
due to China's dominance in the processing and supply of many critical minerals (Vivoda, 2023).

In this paper, we employed constant and time-varying parameter local projection (TVP-LP)
regression models, recently proposed by Inoue et al (2024), to examine the effect of GPR on prices of
aluminium, copper, nickel, platinum, tin and zinc. In so doing, we contribute to a small number of studies
that have examined the effect of GPR on prices for critical minerals (Aloui et al, 2023; Khurshid et al, 2023,;
Pata et al, 2024; Wang et al, 2023; Zhang et al, 2024b; Zhao, 2023).

We extend this literature in two main directions. The first is that we introduce a conceptual set up
which predicts that the responsiveness of prices for critical minerals to GPR will depend on their respective
non-technical risk. Using the method suggested in Vespignani and Smyth (2024) we provide estimates of
the non-technical risk and non-technical risk premium for each of the six critical minerals. We then show
that, with the exception of platinum, prices of critical minerals which exhibit higher non-technical risk are
more responsive to GPR, consistent with the prediction of our theoretical set up. The fact that the findings
for platinum prices do not conform with our theoretical prediction can be explained by platinum suffering
a demand side shock due to the expansion of the electric vehicle market, which has offset the supply side
shock due to GPR, meaning that prices have not risen like the other critical minerals in the study.

The second way in which we extend our understanding of the relationship between GPR and prices

of critical minerals is through distinguishing between the effects of geopolitical acts and geopolitical
12



threats. Drawing on an existing theoretical and empirical literature in other contexts, which suggests that
geopolitical threats have a more adverse effect on investment decisions through contributing to greater
uncertainty than geopolitical acts, we posit that geopolitical threats will have a bigger effect on the price of
critical minerals than geopolitical acts. Our results are consistent with this conjecture.

We observe considerable time varying effects in the response of prices of critical minerals to GPR
shocks. Previous research has shown that critical mineral prices have responded to recent GPR shocks, such
as the Russian-Ukraine conflict (Khurshid et al, 2023; Pata et al, 2024). Our analysis shows the time varying
responses of prices of each of the critical minerals studied to a number of events generating shocks to GPR
over an extended period, including the Gulf War, 9/11 terrorist attacks and COVID-19 pandemic. We find
that shocks due to these events have different effects across geopolitical acts and geopolitical threats.

Our results have important implications for our understanding of the role of critical minerals in
ensuring energy security and realizing the clean energy transition. Importantly, they suggest that the effect
of GPR (including geopolitical acts and threats) on the prices of critical minerals can be mitigated through
reducing non-technical risk. In terms of the components of non-technical risk, our analysis reported in
Appendix A suggests that the highest marginal returns lie with focusing on policy perceptions, rather than
best practices. For the individual firm, there is often a tendency to treat non-technical risk as being
exogenous to the investment decision - i.e. as being beyond the firm's control. Trench et al (2014) are
critical of this mindset and stress the importance of firms taking ownership of non-technical risk.
Specifically, Trench et al (2014) emphasise that the uncertainty generated by non-technical risk to the firm
can be reduced by considering non-technical risk early - i.e. non-technical risks should be assessed,

monitored and discussed from the exploration stage to assist with stage-gating of project decisions.

13



References

Ali, S.H. (2023). There is no free lunch in clean energy. Nature, 615, 563.

Aloui, D., Benkraiem, R., Guesmi, K., & Mzoughi, H. (2023). Managing natural resource prices in a
geopolitical risk environment. Resources Policy, 83, 103628.

Algahtani, A., Bouri, E., & Vo, X. V. (2020). Predictability of GCC stock returns: The role of geopolitical
risk and crude oil returns. Economic Analysis and Policy, 68, 239-249.

Alsagr, N., & Van Hemmen, S. (2021). The impact of financial development and geopolitical risk on
renewable energy consumption: evidence from emerging markets. Environmental Science and Pollution
Research, 28, 25906-259109.

Anser, M. K., Syed, Q. R., & Apergis, N. (2021). Does geopolitical risk escalate CO2 emissions? Evidence
from the BRICS countries. Environmental Science and Pollution Research, 28(35), 48011-48021.

Antonakakis, N., Gupta, R., Kollias, C., & Papadamou, S. (2017). Geopolitical risks and the oil-stock nexus
over 1899-2016. Finance Research Letters, 23, 165-173.

Attilio, L. A., Faria, J. R., & Silva, E. C. (2024). Countervailing Impacts of Fossil Fuel Production and
Exports of Electrical Goods on Energy Transitions and Climate Change. Journal of Cleaner Production,
142797.

Baumeister, Christiane, Dimitris Korobilis, and Thomas K. Lee, "Energy Markets and Global Economic
Conditions," Review of Economics and Statistics, 104(4), July 2022, 828-844.

Bastianin, A., Casoli, C., & Galeotti, M. (2023). The connectedness of energy transition metals. Energy
Economics, 128, 107183.

Berahab, R. (2022). The Energy Transition Amidst Global Uncertainties: A Focus on Critical Minerals.
Policy Centre for the New South, Policy Brief 37/22.

Bloom, N., Bond, S., & Van Reenen, J. (2007). Uncertainty and investment dynamics. Review of Economic
Studies, 74(2), 391-415.

Bouoiyour, J., Selmi, R., Hammoudeh, S., & Wohar, M. E. (2019). What are the categories of geopolitical
risks that could drive oil prices higher? Acts or threats? Energy Economics, 84, 104523.

Cai, Y., & Wu, Y. (2021). Time-varying interactions between geopolitical risks and renewable energy
consumption. International Review of Economics & Finance, 74, 116-137.

Caldara, D., & lacoviello, M. (2022). Measuring geopolitical risk. American Economic Review, 112(4),
1194-1225.

Chen, L., Gozgor, G., Lau, C. K. M., Mahalik, M. K., Rather, K. N., & Soliman, A. M. (2024). The impact
of geopolitical risk on CO2 emissions inequality: Evidence from 38 developed and developing economies.
Journal of Environmental Management, 349, 119345.

Choi, I., & Kim, W. C. (2024). Practical forecasting of risk boundaries for industrial metals and critical

minerals via statistical machine learning techniques. International Review of Financial Analysis, 94,
103252.

14



Considine, J., Galkin, P., Hatipoglu, E., & Aldayel, A. (2023). The effects of a shock to critical minerals
prices on the world oil price and inflation. Energy Economics, 127, 106934.

Devitt, P. & Shivaprasad, A. (2024). Platinum metals face structural hit to demand from electric vehicle
revolution. Reuters, March 20 https://www.reuters.com/markets/commodities/platinum-metals-face-
structural-hit-demand-electric-vehicle-revolution-2024-03-20/ (last accessed November 4, 2020).

Ding, S., Wang, K., Cui, T., & Du, M. (2023a). The time-varying impact of geopolitical risk on natural
resource prices: The post-COVID era evidence. Resources Policy, 86, 104161.

Ding, T., Li, H,, Tan, R., & Zhao, X. (2023). How does geopolitical risk affect carbon emissions? An
empirical study from the perspective of mineral resources extraction in OECD countries. Resources Policy,
85, 103983.

Dixit, A. K., & Pindyck, R. S. (1994). Investment Under Uncertainty. Princeton University Press: Princeton
NJ.

Dou, S. & Xu, D. (2023). The security of critical mineral supply chains. Mineral Economics, 36, 401-412.

Dou, S., Zhu, Y., Liu, J., & Xu, D. (2024). The power of mineral: Shock of the global supply chain from
resource nationalism. World Development, 184, 106758.

Esangbedo, M. O., Taiwo, B. O., Abbas, H. H., Hosseini, S., Sazid, M., & Fissha, Y. (2024). Enhancing
the exploitation of natural resources for green energy: An application of LSTM-based meta-model for
aluminium prices forecasting. Resources Policy, 92, 105014.

Evrim Mandaci, P., Azimli, A., & Mandaci, N. (2023). The impact of geopolitical risks on connectedness
among natural resource commodities: A quantile vector autoregressive approach. Resources Policy, 85,
103957.

Gao, W., Zhang, H., Zhang, H., & Yang, S. (2024). The role of G7 and BRICS country risks on critical
metals: Evidence from time-and frequency-domain approach. Resources Policy, 88, 104257.

Garrett, G. (2010). G2 in G20: China, the United States and the world after the global financial
crisis. Global Policy, 1(1), 29-39.

Gaspar Filho, V., & Santos, T. (2022). Energy Security Transition: clean energy, critical minerals, and new
dependencies. Ambiente & Sociedade, 25, e01791.

Ginn, W. & Saadaoui, J. (2024). Monetary Policy Reaction to Geopolitical Risks in Unstable Environments.

Gkillas, K., Manickavasagam, J., & Visalakshmi, S. (2022). Effects of fundamentals, geopolitical risk and
expectations factors on crude oil prices. Resources Policy, 78, 102887.

Gong, X., & Xu, J. (2022). Geopolitical risk and dynamic connectedness between commodity markets.
Energy Economics, 110, 106028.

Hotchkiss, E., Urdaneta, M. P., & Bazilian, M. D. (2024). Comparing methods for criticality and security
in minerals for clean energy. The Extractive Industries and Society, 17, 101402.

Inoue, A., Rossi, B., & Wang, Y. (2024). Local projections in unstable environments. Journal of
Econometrics, 105726.

15



IRENA (2023) Geopolitics of the Energy Transition: Critical Minerals. International Renewable Energy
Agency, Abu Dhabi.

Islam, M. M., Sohag, K., & Mariev, O. (2023). Geopolitical risks and mineral-driven renewable energy
generation in China: A decomposed analysis. Resources Policy, 80, 103229.

llut, C. L., & Schneider, M. (2014). Ambiguous business cycles. American Economic Review, 104(8),
2368-2399.

Jorda, O. (2005). Estimation and inference of impulse responses by local projections. American Economic
Review, 95(1), 161-182.

Khurshid, A., Chen, Y., Rauf, A., & Khan, K. (2023). Critical metals in uncertainty: How Russia-Ukraine
conflict drives their prices? Resources Policy, 85, 104000.

Khurshid, A., Khan, K., Rauf, A., & Cifuentes-Faura, J. (2024). Effect of geopolitical risk on resources
prices in the global and Russian-Ukrainian context: A novel Bayesian structural model. Resources Policy,
88, 104536.

Kumar, S., Khalfaoui, R., & Tiwari, A. K. (2021). Does geopolitical risk improve the directional
predictability from oil to stock returns? Evidence from oil-exporting and oil-importing countries. Resources
Policy, 74, 102253.

Lee, S. O., Wainwright, J., & Glassman, J. (2018). Geopolitical economy and the production of territory:
The case of US—China geopolitical-economic competition in Asia. Environment and Planning A: Economy
and Space, 50(2), 416-436.

Li, F., Yang, C., Li, Z., & Failler, P. (2021). Does geopolitics have an impact on energy trade? Empirical
research on emerging countries. Sustainability, 13(9), 5199.

Li, X., Sengupta, T., Mohammed, K. S., & Jamaani, F. (2023). Forecasting the lithium mineral resources
prices in China: Evidence with Facebook Prophet (Fb-P) and Artificial Neural Networks (ANN) methods.
Resources Policy, 82, 103580.

Liu, J., Ma, F., Tang, Y., & Zhang, Y. (2019). Geopolitical risk and oil volatility: A new insight. Energy
Economics, 84, 104548.

Liu, C., Zhang, J. & Wang, Y., 2022. Rare earth elements, geopolitical risk, and global supply chains.
Resources Policy.

Martinez-Garcia, E., Grossman, V. and Mack, A., 2015. A contribution to the chronology of turning points
in global economic activity (1980-2012). Journal of Macroeconomics, 46, pp.170-185.

Majkut, J., Nakano, J., Krol-Sinclair, M., Hale, T. & Coste, S. (2023). Building Larger and More Diverse
Supply Chains for Energy Minerals. Centre for Strategic and International Studies

McNulty, B. A., & Jowitt, S. M. (2021). Barriers to and uncertainties in understanding and quantifying
global critical mineral and element supply. iScience, 24(7), 102809.

Mei, D., Ma, F., Liao, Y., & Wang, L. (2020). Geopolitical risk uncertainty and oil future volatility:
Evidence from MIDAS models. Energy Economics, 86, 104624.

Mignon, V., & Saadaoui, J. (2024). How do political tensions and geopolitical risks impact oil prices?
Energy Economics, 129, 107219.

16



Miranda-Pinto, J., Pescatori, A, Stuermer, M & Wang, X. (2024). Beyond Energy: Inflationary Effects of
Metal Price Shocks in Production Networks. International Monetary Fund Working Paper WP/24/215.

Nature (2023) Editorial: The world's costly and damaging fight for critical minerals. Nature, 619, 436.

Nygaard, A. (2023). The geopolitical risk and strategic uncertainty of green growth after the Ukraine
invasion: how the circular economy can decrease the market power of and resource dependency on critical
minerals. Circular Economy and Sustainability, 3(2), 1099-1126.

Pata, U. K., Cevik, E. I., Destek, M. A., Dibooglu, S., & Bugan, M. F. (2024). The impact of geopolitical
risks on clean energy mineral prices: Does the Russia-Ukrainian war matter? International Journal of Green
Energy, 21(9), 2102-2116.

Pata, U. K., & Ertugrul, H. M. (2023). Do the Kyoto Protocol, geopolitical risks, human capital and natural
resources affect the sustainability limit? A new environmental approach based on the LCC hypothesis.
Resources Policy, 81, 103352.

Purdy, C., & Castillo, R. (2022). China’s Role in Supplying Critical Minerals for the Global Energy
Transition. Brookings Institute.

Ramdoo, I., Bellois, G. & Hendriwardani, M. (2023). What Makes Minerals and Metals Critical?
Intergovernmental Forum on Mining, Minerals, Metals and Sustainable Development.

Renneboog, L., Leruth, L., Regibeau, P. & Mazarei, A. (2022) Green Energy Depends on Critical Minerals.
Who Controls the Supply Chains? Available at SSRN: https://ssrn.com/abstract=4202218 or
http://dx.doi.org/10.2139/ssrn.4202218

Romani, I. G., & Casoli, C. (2024). Understanding the Future of Critical Raw Materials for the Energy
Transition: SVAR Models for the US Market. MIT Center for Energy and Environmental Policy Research.
Working Paper 2024-05.

Smales, L. A. (2021). Geopolitical risk and volatility spillovers in oil and stock markets. Quarterly Review
of Economics and Finance, 80, 358-366.

Sohag, K., Hammoudeh, S., Elsayed, A. H., Mariev, O., & Safonova, Y. (2022). Do geopolitical events
transmit opportunity or threat to green markets? Decomposed measures of geopolitical risks. Energy
Economics, 111, 106068.

Sohag, K., Sokolova, Y., Vilamova, S., & Blueschke, D. (2023). Volatility transmission from critical
minerals prices to green investments. Resources Policy, 82, 103499.

Sweidan, O. D. (2021). The geopolitical risk effect on the US renewable energy deployment. Journal of
Cleaner Production, 293, 126189.

Trench, A., Packey, D. & Sykes, J.P. (2014) Non-technical risks and their impact on the mining industry.
Mineral Resources and Ore Reserve Estimation, Australasian Institute of Mining and Metallurgy
(AusIMM) Mineral Resource and Ore Estimation, Monograph 30, Chapter 7, pp. 605-618
http://hdl.handle.net/20.500.11937/22432

Ullah, S., Gozgor, G., & Lu, Z. (2024). How do conflicts affect energy security risk? Evidence from major
energy-consuming economies. Economic Analysis and Policy, 82, 175-187.

17



Vespignani, J., & Smyth, R. (2024). Atrtificial intelligence investments reduce risks to critical mineral
supply. Nature Communications, 15(1), 7304.

Vivoda, V. (2023). Friend-shoring and critical minerals: exploring the role of the minerals security
partnership. Energy Research & Social Science, 100, 103085.

Vivoda, V., & Matthews, R. (2023). “Friend-shoring” as a panacea to Western critical mineral supply chain
vulnerabilities. Mineral Economics, https://doi.org/10.1007/s13563-023-00402.

Wang, X. Q., Wu, T., Zhong, H., & Su, C. W. (2023). Bubble behaviors in nickel price: What roles do
geopolitical risk and speculation play? Resources Policy, 83, 103707.

Wang, Q., Zhang, C. and Li, R., 2024. Impact of different geopolitical factors on the energy transition: The
role of geopolitical threats, geopolitical acts, and geopolitical risks. Journal of Environmental Management,
352, 119962.

World Platinum Investment Council. (2023). Platinum Quarterly Reports. Available at:
https://www.platinuminvestment.com

Yang, K., Wel, Y., Li, S., & He, J. (2021). Geopolitical risk and renewable energy stock markets: An insight
from multiscale dynamic risk spillover. Journal of Cleaner Production, 279, 123429.

Zhang, H., Li, Z., Song, H., & Gao, W. (2024). Insight into clean energy market’s role in the connectedness
between joint-consumption metals. Energy, 131831.

Zhang, H., Cao, H., & Guo, Y. (2024a). The time-varying impact of geopolitical relations on rare earth
trade networks: What is the role of China's rare earth export restrictions? Technological Forecasting and
Social Change, 206, 123550.

Zhang, X., Chang, H. L., Su, C. W., Qin, M., & Umar, M. (2024b). Exploring the dynamic interaction
between geopolitical risks and lithium prices: A time-varying analysis. Resources Policy, 90, 104840.

Zhao, J. (2023). Time-varying impact of geopolitical risk on natural resources prices: evidence from the
hybrid TVP-VAR model with large system. Resources Policy, 82, 103467.

Zhou, M. J., Huang, J. B., & Chen, J. Y. (2020). The effects of geopolitical risks on the stock dynamics of
China's rare metals: A TVP-VAR analysis. Resources Policy, 68, 101784.

Zheng, D., Zhao, C., & Hu, J. (2023). Impact of geopolitical risk on the volatility of natural resource
commodity futures prices in China. Resources Policy, 83, 103568.

18


https://www.platinuminvestment.com/

Figure 1: The impact of geopolitical risk shocks on critical minerals markets
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Figure 3: The non-technical risk scores and premiums of selected critical minerals (2023)
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Figure 4: The non-technical risk premiums decomposition (2023)

ALUMINIUM COPPER NICKEL PLATINUM TIN ZINC

® Best practice risk premiums m Policy preception risk premiums

20



Figure 5: The impact of geopolitical threats and acts on selected critical minerals
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Figure 7. Response of individual critical minerals to geopolitical shocks (GPR)

Ipmodel, e1, LAl

Ipmodel, 1, LCu

0 12 2
Step
95% CI
—— Dynamic multipliers

Graphs by irfname, impulse variable, and respanse variable

3 48 0 12 ] 3 4
Step
95% CI
—— Dynamic multipliers

Graphs by irfname, impulse variable, and respanse variable

Ipmodel, e1, LNi

Ipmodel, e1, LPt

ST e

0 12 2
Step
95% CI
—— Dynamic multipliers

Graphs by irfname, impulse variable, and respanse variable

3 48 0 ? 2 36 43
Step
90% CI
— Dynamic multipliers

Graphs by irfname, impulse variable, and response variable

Ipmodel, e1, LSn

06
04
0z
0
-02
0 12 %
Step
95% CI

—— Dynamic multipliers

Graphs by iffname, impulse variable, and response variable

24

Ipmodel, e, LZn
A
05
0
-05
% % 0 2 2% 3 48
Step
95% CI

—— Dynamic multipliers

Graphs by irfname, impulse variable, and response variable



Figure 8. Response of individual critical minerals to geopolitical threat shocks (GPRT)
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Figure 9. Response of individual critical minerals to geopolitical act shocks (GPRA)
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Figure 10: Long-term (48 month) responses to geopolitical risk, threats and acts
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Appendix A: Alternative measures of non-technical risks (best practices and policy perception risks)

Al) Policy perception

Figure Al(a) displays non-technical risk (policy perception) scores for each critical mineral, in which a
higher score indicates a lower risk. Aluminium, copper, nickel, platinum, tin and zinc each have higher
non-technical risks (40.2 to 50.3) compared to the non-critical benchmark (60.9), indicating that they are
associated with higher risk levels. Figure A1(b) shows the non-technical risk premiums for each of the six
minerals. Platinum has the highest risk premium at 34.0%, indicating the highest compensation for risk,
followed by tin (30.4%) and copper (30.2%). Nickel has a similar premium at 29.9%, while the risk
premium for aluminium is slightly lower at 26.3%. Zinc, with the lowest non-technical risk premium at
17.5%, suggests the least compensation needed for risk. This indicates varying levels of non-technical risk

across these minerals, with platinum carrying the highest and zinc the lowest.

Figure Al: The non-technical risk (policy perception scores) and premiums of selected critical minerals
(2023)

(@) Non-technical policy perception scores

ALUMINIUM COPPER NICKEL PLATINUM TIN ZINC IRON ORE GOLD COAL MEAN NON-
CRITICAL

(b) Non-technical policy perception premiums
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AZ2) Best practices

Figure A2(a) presents non-technical risk scores for each of the critical minerals based on the best practices
subcomponent. The picture that emerges is similar to that with the policy perceptions subcomponent and
for the overall non-technical risk scores presented in Figure 3. Specifically, the scores for these six critical
minerals range from 44.1 to 53.4, while the mean score for the non-critical benchmark is 59.9. Figure A2(b)
shows the non-technical best practice risk premiums. Tin has the highest risk premium at 26.3%, indicating
the highest level of expected compensation for associated risks. Platinum follows with a risk premium of
25.3%, while copper has a premium of 21.6%. Zinc and nickel have relatively moderate premiums at 18.4%
and 14.4%, respectively. Aluminium has the lowest risk premium at 10.7%, suggesting the lowest
compensation needed for risk among these minerals. This range of risk premiums suggests varying levels
of non-technical risks across these minerals, with tin and platinum having the highest expected

compensation and aluminium the lowest.

Figure A2: The non-technical risk (best practices scores) and premiums of selected critical minerals (2023)

(@) Non-technical best practices scores

(b) Non-technical best practices premiums
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Appendix B: Robustness Analysis: Impulse responses of critical minerals to global geopolitical risk and instability analysis
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Nickel Prices (GPR)

TVP-Local projections After GFC High GPR (Above D9)
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TVP-Local projections
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TVP-Local projections
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TVP-Local projections
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Appendix C: Robustness Analysis:

TVP-Local projections
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Cooper Prices (GPRA)
TVP-Local projections After GFC High GPRA (Above D9) Low GECON (below D1)
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TVP-Local projections
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TVP-Local projections
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TVP-Local projections
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TVP-Local projections
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Appendix D: Robustness Analysis: Impulse responses of critical minerals to global geopolitical risk threats and time-varying analysis
Aluminum Prices (GPRT)
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Cooper Prices (GPRT)

After GFC

High GPRT (Above D9)

LCu:et

15

Parameter
05

Horizon

[ Time-varying parameter ~ ———— Constant parameter

Time-varying Effect Tests

LCu:et LCu:et
3
3 2
S 2
g g
© ©
5§81 Sa
H £
o4 o
81 g
¥ T T T T T T Y T T T T T T
0 10 2 30 40 50 0 10 20 30 40 50
Horizon Horizon
Time-varying parameter ~ ———— Constant parameter [ Time-varying parameter Constant parameter l
LCu:el LCu:el
=
S d - -
~ N n = I_ 1/ S ) Yl b
Neena SN . e e T ~s 4 il R
- 0 B Rk N ,
24 Moo .~ Niae
e | o .»—./V\ SN
8 o - /\' B
gl g RN
5 w , £ 1. N AN
o \ o - ~ Samea s
pemTm ,/ N A R 3 | ’_./ \\ S -t
-~ ST O -
%. e --\_“ 1,1 ~ ’.v o’
\\_ pg
3 -
N T T T T T T T T T T T T T T T T T T
1985m1  1980m1 1995m1 2000m1 2005m1 2010m1 2015m1 2020m1 2025m1 1985m1  1990m1  1995mt1 2000m1 2005m1 2010m1 2015mi 2020m1 2025m1
Time e
Time-varying parameter = ===~ 95% confidence band Time-varying parameter = ===~ 95% confidence band
Constant parameter dummyGECON Constant parameter dummyGECON

36 months after the shock

LCu:el

@ |
3
£84
g
g

o

3- \\.’bw._r’ \\

u T T T T T T T T
1985m1  1990m1  1995m1 2000mf 2005m1 2010m1 2015m1 2020m1 2025mi
Time

Time-varying parameter ~—-—-—-—- 95% confidence band
Constant parameter dummyGECON

12 months after the shock

LCu:el

Parameter
-
~

!
84 ¢ B |- SRS 13
o \

T T T T T T T T T
1985m1  1990m1  1985m1  2000m1 2005mi1 2010mi 2015m1 2020m1 2025mi
ime

48 months after the shock

LCu:el

Time-varying parameter ~ — ===~ 95% confidence band
Constant parameter dummyGECON

Parameter
¢ 4
L
/
s
\
v
-
N
]
14
‘
1
.
\
[}
1
]
1
1
(3

05
S
2
.
’
1
\
¢
-

o L7 S

) -~
R T D A

2]

1 : : : : : . : :

1985m1 1990m1 1995m1 2000m1 2005mi 2010mi 2015mi 2020mi 2025mi
Time

Time-varying parameter ——-—-—-—- 95% confidence band
Canstant parameter dummyGECON

Low GECON (below D1)

LCu:et

15

Parameter
05

%,
Cll ﬂb 2I | 4‘0 5‘0
Horizon
Time-varying parameter ~ ———— Constant parameter
24 months after the shock
LCu:et

Parameter
05 .
|
1 ﬁ
”~ =
s
.
»
e
\
[l
1
T
1
|
’
7
A9
1
]
I
N
A
~
N

N TN

T T T T T T T T T
1985m1  1890m1  1995m1 2000m1 2005m1 2010m1 2015m1 2020m1 2025m1
Time

----- 95% confidence band
dummyGECON

Time-varying parameter
Constant parameter




Nickel Prices (GPRT)
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TVP-Local projections
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TVP-Local projections
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TVP-Local projections

Zinc Prices (GPRT)

After GFC High GPRT (Above D9)
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